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Abstract:

In this study, we propose a humor utterance generation method which compatible

with dialogue system, to increase desire of sustainability. A humor utterance generation method is

based on wrong inference beyond the knowledge, which extracted from Twitter as Modifier-Noun

pair. We confirmed that proposed method can generate humor significantly. Although, we did

not focus on factor of humor. We thus, derived word similarity from word2vec and investigated,

whether more humorous response was generated through empirical research. Result shows, the

proposed method can remove non-humorous replies.
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