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The evaluation of the accuracy of an algorithm which segments

candidates for phrases from free speech and acquires their meanings
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Abstract:

We implemented an algorithm which recognizes syllable strings from free speech in a

maze navigation task, detects pairs of repeated strings from them as target phrases for meaning

acquisition, splits them into groups of similar strings, finds a situation which highly co-occurs with

the members of each group, and attaches the situation to the group as its meaning. We report the

result of an evaluation experiment on the accuracy of the grouping and the meaning acquisition.
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