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The meaning acquisition of phrases from natural speech data by

situation estimation based on Final Action Heuristics
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Abstract:

In human-agent interaction, it is very important for agents to understand the func-

tional meaning of utterances from humans, because the agents should act according to the func-

tional meaning of utterances such as instructions to do something and questions about something.

We have studied the acquisition of the functional meaning of phrases by an agent which inter-

acts with a human in a maze on a computer screen. In our previous studies, we chose setting

in which the agent had knowledge on what to do in a position in the maze. We aim to realize

learning without such prior knowledge in this study. The agent estimates appropriate actions by

Final Action Heuristics which states that an action finally taken in a state is likely to correct. An

experiment demonstrates that the precision and the recall of the learning result by the proposed

method compare favorably with those by a method which uses prior knowledge.
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