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Abstract: This paper describes a novel methodology, namely ” Coaching”, which allows humans

to give a subjective evaluation to the agent in an iterative manner. This is an interactive learning

method to improve the reinforcement learning by generating a reward function dynamically accord-

ing to the learning situation of the agent. We will demonstrate that the agent can learn different

reward functions by given instructions such as ”good/bad” by human’s observation, and can also

obtain a set of behavior based on the aquired reward functions through several experiments.
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O 1: Concept of proposal method
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0 2: Delay time of human evaluation
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O 4: Success rate : reward # 1
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O 5: Success rate : reward # 3
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O 7: Transition of reward function
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