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A Proposal of Context-Thick Dialogue System using Adaptive Utterance Mechanism
in Environment
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Abstract: In this study, we propose the context-thick dialogue system using many context-thin dialogue
systems in accordance with the subsumption architecture concept. Also, we perform the user study that
participants communicate with the robot using the dialogue system we implemented based on our
proposal system. As a result, we consider that interactive activity is an important element for our proposal

system.
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