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#* 1: FEEH 1 (3B REEDO SR @ lemon, XRSHR)

FeahH FERENA
A “I have a cold. Do you know any

fruit that is good for colds? ”

“How about kiwi and pineapple? ”

B
A “Well, anything else? ”
B “How about lemon? ”

“Oh, it is certainly effective. ”

A (x RS - RIS E 12
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“Yeah, It is rich in vitamin C and
B(AJI1-1)

citric acid, so I think
it is effective.”

A “OK, I must buy it.”

“Yeah, but, It is sour and hard to
eat, so I recommend eating
it with other foods.”

B(AJ1 1-2)

#* 2: FEaEH 2 (FR/REEDZ MY « banana, RIS

FeihA FEREN A

A “I have a cold. Do you know any
fruit that is good for colds? ”

B “How about lemon, kiwi and
pineapple? ”

“Good. How do you think of
that fruit? ”
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“It contains many types of sugars
B(AJ72-1) | and changes quickly to energy.

So, maybe it is effective. ”

“Any other information about

A
that fruit?”

“It is perishable, so you need to

B(AJJ 2-2)

eat them early.”
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fefteesl ) A0 AURGLE A1 11 AJD1-2
XRZ M
lemon 0.5000 0.9962 0.9989
kiwi 0.5000 0.3458 0.3432
pineapple 0.5000 0.7201 0.6979
U
banana 0.5000 0.5632 0.9236
apple 0.5000 0.5383 0.5710
orange 0.5000 0.9820 0.7643
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fetized ) Ay #IAGLE A 2-1 AJJ2-2
XRZH
lemon 0.5000 0.9960 0.9699
kiwi 0.5000 0.3504 0.3776
pineapple 0.5000 0.7206 0.8383
NI
banana 0.5000 0.9784 0.9934
apple 0.5000 0.5245 0.5167
orange 0.5000 0.5893 0.5276
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