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Abstract:

Emotion understanding in human agent interaction requires models that adapt to

emotions constructed through individual experience. This study proposes a computational model

grounded in constructionist emotion theory that forms emotion concepts by integrating physiolog-

ical signals, auditory features, and verbal reports during auditory stimulation. Auditory stimuli

were presented to 36 participants, and cardiac activity, electrodermal activity, and subjective emo-

tion reports were collected. Emotion concepts were modeled as latent topics using multilayered
Multimodal Latent Dirichlet Allocation (mMLDA). Evaluation using the Rand index showed that
models integrating multiple physiological signals outperformed single-modality and random base-

lines, and that adding linguistic information further improved alignment with subjective emotional

responses.
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