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Abstract: This study investigates the determinants of gender perception toward ChatGPT among Japanese

users, with a focus on the mechanism of "neutral" (non-gendered) attributions. An online experiment (N =

736) confirmed stereotypes associating "competence" with masculinity and "warmth" with femininity;

notably, warmth-centric tasks suppressed neutral judgments and strongly promoted gender attribution.

Furthermore, abstract "text-only" formats triggered imaginative completion by users, accelerating

genderization more than video formats. Individual traits also played a role: female users tended to maintain

neutral perceptions, while those with higher anthropomorphic tendencies were more likely to perceive the

Al as feminine. These findings suggest that Al genderization is a multifaceted construction shaped by

presentation formats and the observer’s psychological filters, rather than just the agent’s attributes.
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& 27 NELHERIER, £ L ChRIZEHE O N FHE &
Wo Tt EBHEOMm» O L, TN ED L HITH
HIZER LR B2 TES5< D 00nc et L.
ZORER, ChatGPT B ED L 5 &% E 2 H H, F
DX IR TIRRIND D, SOIITFHAERS
DFRMH)E T L > T, ChatGPT DY = X —Hy7¢
ZUITWRONERREFEREIC Z LRSI

Z 9 LML, ChatGPT A HiZR 2 EftifE(E T
1372 <, FIHZE O S ORI A ¥ —< 03 by STk
OHFCEESNAHFHETHDLZ EEZR LTS, 4
RERERNEZ SN TWARVWRITH-Th, #
AR E NS T2 DTN FTRNY NS Y =
VHE—PHER S D &V D FERIE, ChatGPT @ [Hr
SEPE] BT LBRIAEOMITEDOEEZ TR L
L0 TIERNZ EERIET 5.

Lk, TAREZRBRy hpE, NEMbrT—Y
=V EPHEOHRTIYIAKTEHSA TV Z %
EZDHE, THO LV A —MEORD X PR
THZETEETHD. =V bR EIZEF
SHNCEREF SN TV & LT, FIE ORMESS L
ARIZE > TEDOHIRNELL D 572D Th D, A
ZelE, Al DY = X —ARICET 2 B 7t
EEEDLN, A%IF, K S —T o FOtE
SR E RIS E U, FIHEN EO X 512 ALIZEN:
ERHL, EOLIICBEREEK L TW ONER
LW MERHD EEZD.
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